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Construction Method of Language Model
Using Stochastic Switching n-gram

TAKESHI NAGANO,* MOTOYUKI SUZUKI' and SHOZO MAKINO'

In traditional speech recognition systems, a single kind of n-gram is used for n-gram lan-
guage model. If a task can divide into more small sub tasks, utilization of several kinds
of n-gram gives better performance. In this paper, we propose a so-called SS (Stochastic
Switching) n-gram which consists of several kinds of n-gram stochastically obtained using a
discrete-type HMM. In SSn-gram, each state has one kind of n-gram as output probability.
When bigram is used as output probability, the perplexity with SSn-gram is reduced by 15%
comparing to that with ordinary bigram. After the deleted interpolation method is applied,
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the perplexity is still reduced by 8%.
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