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Can Digital Technologies Duplicate Human Intelligence?
Current Trends and Issues in Automated Scoring Systems

YUICHIRO KOBAYASHI™

The purpose of the present paper is to explore the possibility of automated scoring in language assessment, and to investigate the
similarity and difference between human scoring and automated scoring. This paper also shows the result of a pilot study on the

automated scoring of non-native spoken English.
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L1 0 3 0 0 0 0 0 0 0 0.00%
L2 0 27 8 0 0 0 0 0 0 77.14%
L3 0 4 146 72 0 0 0 0 0 65.77%
L4 0 0 38 398 45 1 0 0 0 82.57%
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Level Participants Tokens
1 3 (0.23%) 428 (0.04%)
2 35 (2.73%) 7,701 (0.81%)
3 222 (17.33%) 95,169 (9.98%)
4 482 (37.63%) 308,177 (32.31%)
5 236 (18.42%) 203,759 (21.36%)
6 130 (10.15%) 130,492 (13.68%)
7 77 (6.01%) 85,309 (8.94%)
8 56 (4.37%) 68,470 (7.18%)
9 40 (3.12%) 54,341 (5.70%)
Total 1,281 (100.00%) 953,846 (100.00%)
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