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In the field of humanities, thorough annotation for a target document is carried out as 
research. However, the task of annotation takes an enormous amount of time because it 
requires a broad range of knowledge and expertise. In such a situation, automatically 
suggesting annotation candidates to a user will be a useful tool for supporting the task of 
annotation. In this paper, we propose a method for extracting keyphrases from a 
Japanese historical document for suggesting possible annotation candidates to 
annotators. We find occurrence patterns of characters surrounding existing annotations 
using Support Vector Machine (SVM), and extract keyphrases from non-annotated text 
as annotation candidates utilizing these patterns. We conducted experiments to evaluate 
our proposed method using k-fold cross-validation and assuming existing annotations as 
correct answers. As a result, we were able to extract 77.93% of correct answers as 
keyphrases.
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