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On the Structural Characteristics of Document Networks
Based on Sharing of Terms

SHIN-YA SATO,! KENSUKE FUKUDA,t KAZUHIRO KAZAMAT
and KEN-ICHIRO MURAKAMI't

For describing and analyzing a system in nature, society as well as an artificial systems
consisting of autonomous elements, it is considered to be a promising approach to analyze the
structure of the network representing interrelationships among its elements. In general, there
may be various types of relationships among elements, each of which gives a network with a
peculiar structure, and a result of analysis based on the structure of the network. This means
that the quality (e.g., reliability) of the result depends not only on the analytical method but
also on the method to build the network. Therefore, we need to devise a method to construct
a good network to obtain a valid result, which requires a measure for goodness of a network.
Through an experiment with networks representing interrelationships among documents in a
corpus, we show that such measures can be defined in terms of structural characteristics of
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the networks.
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Fig.3 Dividing a network based on density.
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Table 1 Personal names used in the experiment.
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Table 2 Correlation coefficient between the degree and
the clustering coefficient for different values of m.
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