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PSO Algorithm with Transition Probability Based on Hamming
Distance for Solving Planar Graph Coloring Problem

TAKUYA AOKI'! CLAUS ARANHA?
HITOSHI KANOH ™

In this paper, we propose a PSO algorithm with transition probability based on hamming distance for solving planar graph
coloring problems. The first version of PSO was intended to handle only continuous optimization problems. Then, to apply PSO
to discrete problems, the standard arithmetic operators of PSO are required to be redefined over discrete space. Chin et al (2010)
introduced transition probability into PSO to settle this problem, but this model does not consider the concept of distance. In this
work, we propose a new algorithm that uses transition probability based on hamming distance into PSO. The experimental results
show that the new algorithm can get higher correction coloring rate and smaller average iterations than a Genetic Algorithm and
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the conventional PSO.
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