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Evaluation of Automatic Model Training Method for
Voice/Non-voice Classification

SHIN'ICHI TAKEUCHIt and MASAHIDE SUGIYAMA'

The purpose of this paper is to detect voice section of these multimedia contents. By remov-
ing unnecessary section (noise, music, and so on) from sound data, speech recognition tech-
niques can prevent miss recognition. This section detection technique can use pre-process of
speech recognition techniques. This paper investigates voice/non-voice discrimination method
and its automatic training method. By creating teaching signal from target data, it is able
to apply recognition techniques to some data that it is difficult to do previous training. Also
it is able to prevent reduction of effectiveness by the difference of training data and testing
data. As a result, proposed method shows 4.2% of classification error rate. The efficiency of
voice/non-voice model which is created by proposed method equals to model which is created
by about 40% to 50% of manually created teaching signal and proposed method can reduce
manual creating work of teaching signal.
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Fig.3 Data section used to teaching signal.
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Fig.4 The section considered as voice section.

2.2 00/000000000OOOOOO
0(3)0200000000000UODODOOO
ooboog

Bn(F)>T

(m+1)F 1

F Z {mm d (ci, vo) 3)

P— voeVo

— min_d*(c;,v1)} <0
v1eV1

000 veOvoOOOODOOOOOOOOO0OV,
0, 000000000000000000O (3)0
oo rgoocooboooooooooon T=0.3
oooooooooooooooooooonoooo
oooor=o03000000000000000A0
goooboboooooooobooboboooooooo
goooobooooooooobooooooooo
goooooooboooooooobooooooon
oooooooon
doooobooooooooooocoooooo
00000000000 oOoooOoO0OO0OBCFOOO
0000000000000 000000BCFOO
oob0 rFOOOO0OOOOOODOOOOOOOOOO
goooboooooooobobooooooboooobo
gooobobooooooooooboooooooo
oo0ooooooboooooooooobooon veO
gooooooooboDb vy, Ooboboooobooo
ooooooood
BCFOOOOOOOOOOOOOOOOODOOD 4
dooooooooboooooobooboooooo
O00000000oO0oo0oOoBCFOOOOOODOOO
goooobooooooooobooooooooo
oooooooDOOOOOO BCcrOoOoooooOd
oooooboooooooooboooooooooon
ooooooo
ooooooobooooooobooboooooooo




Vol. 47 No. 6

000000000000000000000000
000000000000000/00000000
000000000000000000000000
000000000000000000000000
0000000000000000000000
2.3 00000000
22000000000000000000000
000000000000000000000000
00000000000 VQOOOOO0O GMMO
0000000000D00000000000000
000000000000000500000000
000000000000000000000
(1) BCFOOOOOD FOOOO (2)0000
BCFOOOODOD 3000 (e¢)—10000
000000000 (@)—200000000
000000000000000000
(2) 00000O0O0O00O0O00OOO0OOOOO00)/
0000000 Ve,000 vV, 000000
(3) 0D0/0000000 (3)000000000
ooooooo
(4) 0DDO0O0OO0OOO (3)000000000
00000000000 (2)0000
00 (3)0000000 BCFOOOOOOOOO
00000000000 (4)0000000000
000000000000000000000000
000000000000000000000000
00000000000000 (2)0000 (4)0
000D000000000000 3000000
0 ()0000000000000000000000
0000000000000 (49000000000

gdobobooooooo d, OODOODO
m+1)F—1

1(
dn=% >

i=mF

min d2 (Ci, 'Uo)
voeVo

— min d*(e;,v1)
v1eV1

(4)

Data Result _Lager
05 ODO0OO0O0O0OOOO
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Table 2 Analysis condition.
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Table 4 Reject error and accept error (%).
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