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A Phoneme Duration Model Considering Speaking-rate
and Linguistic Features for Speech Recognition

YUuicHI OHKAWA,t AKINORI ITO,"* MOTOYUKI SUZUKI'
and SHOZO MAKINO't

In this paper, we proposed a method of phoneme duration modeling for speech recognition.
There was no usual method of duration modeling for speech recognition considering change
by both speaking-rate and linguistic feature (phoneme location in sentence, part-of-speech
et al.) Therefore, we modeled influence of speaking-rate by 2 dimension normal distribu-
tion of phoneme duration and local average of vowel duration. Each normal distribution is
determined by tree based clustering with various question which include linguistic feature.
We acquired 4.7% reduction of phoneme error rate by re-scoring of N-best hypothesis with
proposed duration model.
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Fig.5 A part of decision tree acquired by proposed
method.
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Table 2 Results of estimation experiments of phoneme
duration (standard deviation).
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