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A New Hierarchical Combination of BP Networks Based on
Category Duplication and Competition Principle

NAoOKI TANAKAT and KOJ1 KAJITANI#

In this paper, a new hierarchic BP Network combination method is proposed. Generally,
a combination of rough and fine classification BP networks is introduced for the recognition
of a large numbers of categories instead of a large scale single BP network. In the proposed
combination method, category groups of the rough classification layer are extended so as any
category is allowed to be contained and learned in the more than one category groups and
the final recognition result can be determined by competition of the rough and fine network
outputs. Experimental result shows that the error at the rough classification stage can be
corrected at the fine classification layer and that a higher total recognition rate is achieved.
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Table 1 A list of category group for 100 categories.
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Table 2 A list of duplicate learning category group.
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Table 3 A list of combined duplicate learning category group.
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