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Research for Extracting Topic of Web News
with Time Series Information Using GA
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A Web News that is very immediate and reliable is used as a news resource
at practical activity of collecting information on Internet in recent years. How-
ever, it is difficult to extract specific topics from huge Web News that is in-
creasing momentarily. Therefore, there are some researches which extract the
topics depend on a feature of time series information or classified topics using
the similarities between documents. However, these past researches have some
problems. Firstly, Web News is classified by term frequency in the document
set. Secondly, topics that occur over any term can not have links with words
that are relevant to a unique topic. Thus, in this paper, we propose a method to
extract hot topics based on a relation between burst words that are extracted

based on a feature of time series information. Then, we evaluate the effec-
tiveness to compare the proposed method with the existing methods of early
researches.
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Fig.2 Outline of each process.
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Fig.3 Exponential distribution of document arrival time intervals.
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Table 4 Extracting topics using each method.
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05 Kleinberg OOOOOOOOODO 1000000000
Table 5 The top 100 burst words extracted by Kleinberg’s method.
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