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In this paper, we propose an automatic mood score detection method for goobooooobooboobo200b00ob0oooooooDoboobDoooDbOoo
music retrieval. This method consists of the feature extraction method and
the mood score detection method. In the feature extraction method, feature nooooDoooosoooooooonooooooonoooooooonooon
parameters which are related to intensity, timbre, rhythm, and harmony are do0boodoOoobooooboobo4b000000b0000O00D0DOOODDOOoODOOOoDO
extracted from audio signals. In the mood score detection method, a score of
each music mood is detected using Multi-Layer Neural Networks (MLNNs). In 2. 0000000000

order to evaluate the proposed method, we conducted the mood score detection
experiment and the subjective evaluation experiment using 401 music patterns. 000000000000 00000000000 1000000000000000
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Fig.1 Overview of the proposed method 0000000000000000000000000000000000
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Fig.2 Mood score detection using neural networks
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Table 1 Mood score detection experimental results
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Fig.3 Distribution of mood scores in test subject Fig.4 Distribution of mood scores in test subject
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Fig.5 Distribution of mood scores in training data
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Eﬁﬁm;ﬁ Table 2 Retrieval patterns in the sub-
jective evaluation experiments
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Fig.6 Retrieval system 12 4 5 6 6
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Table 3 Subjective evaluation experimental results
Qo A B C D E oo
Method
Proposed 3.58 | 4.00 | 3.75 | 4.08 | 3.75 3.83
Random 2.67 | 3.08 | 2.17 | 2.83 | 2.50 2.65
Ideal 4.42 | 4.42 | 3.83 | 4.50 | 4.42 4.32
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Table 4 User satisfaction level distribution against each mood score detection method

ooo
Method 5 4 3 2 !
Proposed 28 15 2 9 6
Random 6 14 8 16 16
Ideal 37 12 5 5 1
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Table 5 Adaptation experimental results

Hoo A B C D E F oo
Acc.

Error 0 Rate 39.5% 36.8% 31.4% 36.3% | 42.4% 41.3% 37.9%
Error 1 Rate 83.7% 74.6% 72.3% 81.7% 72.0% 86.5% 78.5%
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