BERAIEFREHEE Vol.62 No.1 397-403 (Jan. 2021)

HOEMic s ZEL-EEFEEHIZLS
NI =MW AW -F vy 7744 7 X MEEHOEE®

FRH R A AR BE BE!

ZfTH 2020F2R17H, #*$%H 2020F10A6H

BE R, ERFEH AW HBSERICE T AMENSPATH S, BT —4 T A MIHEE AR T 5
CETHEREND DS, KW ISR 225720, BESEHMICL > THRLT 5 2 Ll sh
5. BHEOWEDS 1%, —FPHMOBERT s ictae s N EADNTALEDRS L0, ATIHE LR
b, F7z, B —SHEEEICX IMEOHEEETHETIE, HOX) 2/ B3R EE B IcERTE LR
W EDZwn, LaLl, HEF Y I 279472 MIBWT, EFICEHENLHDTHY, EETH 5.
FITARHLTIE, B —SBREBICLLF v I 7 94T A POBHOEE G E L-HBEBICBWT
ELLHOME KBS 2720 0@BFEEETVEIRET L. KRFETIE, 79 -BlEBOHO—H% %
DFFMEOME M ELT, BMBOHOMEICHEI TS 25, LY, =W AT% LTATIHM
OHIZZHEEEOH OB EZ AT TEL D DIE LM T 2 2 L TE 5,

¥—"7— K HBp#EM, #W, Deep learning

Line Drawing Colorization of Character Illustration by Color Reference
Image for Accurate Eye Colors based on Deep Learning
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Abstract: Recently, automatic colorization of line drawings using deep learning has been studied. Color illus-
trations are created by colorizing line drawings. Colorization task is tedious and time-consuming. Therefore,
the automatic colorization system is expected. Most existing studies require a lot of user inputs as color hints
for each region. Previous studies using reference images often fail to realize automatic colorization, especially
for small areas, e.g., eye colors in the resulting image may differ from the reference image. However, eyes are
important because these are noticeable in the characters’ illustrations. In this paper, we propose a method
to colorize line drawings of anime characters’ face with accurate eye colors of an input color reference image.
The proposed method estimates eye positions of line drawing and color reference image. Then round areas
centered on these positions are color hints for our colorization network. Comparing with previous methods,
our method can accurately colorize eyes of line drawings only with a color reference image.
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Fig. 1 Overview of our colorization process.
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