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Developing Agents by Genetic Algorithm and Imitation by Neural
Network in Trading Card Game

ATSUHIRO YAMADA™ KAZUSHI AHARA™

Abstract: Trading Card Game (TCG), one of an incomplete information game, has characteristic features. For example, any player
can choose cards they use in their deck. Therefore, it will be significant for human’s process of decision making to study how we
obtain a smart or believable agent. In this paper, we developed characteristic agents by genetic algorithm, then we observed whether
the agent can use the deck which has other characteristics well. After that, we make the agent’s value function better, we considered
an agent with Neural Network.
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