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Dif f PositionX Dif f MuscleForceX
Dif f PositionY Dif fMuscleForceY
Dif fPositionZ Dif f MuscleForceZ
Angels VelocityX A 2
TmeSpaceAngles VelocityY A2
Speed VelocityZ N 2
Speed N 2 Acceleration
VelocityX AccelerationX
VelocityY AccelerationY
VelocityZ AccelerationZ
AngleVelocity BoneLengthChanges
AngleAcceleration HandV alue Raw
MuscleForceX handV alueMultiClass
MuscleForceY HandD:if ferenceRawBest
MuscleForceZ HandDif ferenceMultiClass
Musclepower HandDif ference Raw
MuscleTorequeX — HandDif ference MultiClass
MuscleT orequeY RefinementWrist
MuscleTorequeZ RefinmentHand
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Table 3 Experimental result(Gender)

EBEN  EADRR A

M gy s (%)
B 40 25 24 96%
g 10 6 5 83%
et 50 31 29 93%

K 4: FHMEBROFER (FH)
Table 4 Experimental result(Age)

LBBA ABERa AR

ME gy mE) ()
20 %
RS 15 9 9 100%
20 j&%
DL 35 22 20 90%
st 50 31 29 93%
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Table 5 Result of posture recognition

THEEN A B

A ) ) AR (%)
REN ] 5 5 100%
A ) 6 6 100%
B3 7 6 85%
REN Y 8 8 100%
5 5 4 80%

MWl 31 29 93%
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Fig.7 Subject No.2:Hand in jaw posture de-
tection
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Fig.8 Subject No.5:Touching hair posture
detection
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