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Context-Aware Recommendation System
Based on Context-Dependent User Preference Modeling

KENTA OKU," SHINSUKE NAKAJIMA," JUN MIYAZAKIt
and SHUNSUKE UEMURAT't

This paper proposes a prototype of a context-aware recommendation system which pro-
vides users with contents appropriate to their contexts. There have been many studies of
recommendation systems which provide users with contents suited to their preferences. How-
ever, it is not easy to adapt these recommendations to changing contexts (e.g., time of day,
weather, companions and budget). Thus, we propose a method which takes into account
users’ preferences as well as their current context. This paper also introduces a prototype
of a context-aware recommendation system using the method, and evaluates our proposed
methods. In our experiments, we explore the strengths and weaknesses both Context-Aware
Information Filtering and Context-Aware Collaborative Filtering. Lastly, we discuss opti-
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mization of the feature parameters of contents.
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Fig.1 Context-Dependent User Preference Modeling (CP-Modeling).
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Fig.2 Calculating user similarity based on their CP-Models.
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Fig.3 Procedure of system based on Context-Aware Information Filtering (C-IF).
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Fig.4 Procedure of system based on Context-Aware Collaborative Filtering (C-CF).
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