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Seal is not only an important element to identify the calligraphy and painting, but also adding exchanging space
and aesthetic value to the contents of those collections. A system capable to automatically recognize signatures
and seals in calligraphies and paintings can assist professionals and enthusiasts in gaining a better understanding
as to the background information on these collections in a more efficient way. In this research, our focus is placed
on automatic identification of signatures and seals under the context of ukiyo-e painting. Besides, open data is

used to provide scholars with a new perspective to understand ukiyo-e collections.
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Figure 2 Structure of the system
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Figure 3 Seal retrieval on whole seal image

2 — I K D BRI DI TIE, = —PIZ
X0 7 v 7 a— FINTZEE O XTavaScript
WZEVAITY . MART LI, FitamsgT —

TIXFI SR & FEECFERER D EB N E
AFHET 5.

4 FISCE FEESERDER LB
An example of a seal overlaps with handwritten
words

Figure 4

Z D7, FTHISCHEE S FEE T oAb
THZENEERPETH D, BBEOOERICHE
< k-means 7 T A X U 7N 8V EKEIGEEE D
W A217T . FhHRER OB 2 5 1R

VNANITE S WEZ )V BRIV WRERI IV
—71 —7 2
‘%‘ | L TR
~ | N/ i
(<8 \ - g ‘\ :g; |\
ll ﬁ v - i
&2 (v
— l E—-:. ’ ‘:3;/-? .
= = I |
: 2 | — e
5 HISCREIR Ol
Figure 5  Extracting a seal area from a ukiyo-e print
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