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Index Specification/Version
CPU Intel Core i5-3750K (O.C. 4.2GHz)
Memory DDR3-1600 32GB
GPU NVIDIA GeForce GTX 1070 (8GB)
Anaconda 3
Python 3.6
Framework keras 2.0.9
tensorflow-gpu 1.4
CUDA 8.0 (cuDNN 6.0)
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