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Optimization of road traffic signal parameters using
a multi-element GA and deep learning by stochastic optimization

Shinnnosuke NAKAMURAT1 Takumi UEMURAT1 Gou KOUTAKItT2
Keiichi UCHIMURAT2

Abstract: In recent years, techniques have been attracting attention due to traffic signal control as a method to alleviate traffic
congestion. Among them, Mitigation method congestion by optimizing the traffic signal parameters using multi-element GA and
traffic simulator was proposed. But it takes a long time to the optimization process. Therefore, It is difficult to operating in a real
environment. In this study, in order to shorten the optimization process time, we propose a method to replace the learning
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machine to the traffic flow simulator.
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