BHRLEF SRR E
IPSJ SIG Technical Report

LIS
FX A NFHEARK [1] 1355 AN E N XTI E 7 DR

Vol.2019-MUS-123 No.39

Vol.2019-SLP-127 No.39

EE=2—F Xy N7— 5BV
R 2 75 A LD 72 80 O R BI85

K KRN Rk Rzl T 2l

BEE : AR CIREEYE %2 W 72 BT BRI 2 A A R O 72 0 ORREHIENEIZ DWW TR RS, HEROH
R S AR TIE, 1) ERENTORAPRETH 2720, FENBBEREIZ LW, 2) AN
INEIERE IHENE S ORIBEORBEZ Y0 R 2720, BHIZE3FEEOELARERRIZRD L VWD
R D 7. 2o OREE LT 572017, EFIETEHEE=2—-F NV xvy v7—2 (DNN) %
FAWT, FESAED AR MIUVREE » BERE D S B SE & PSR DES AR MLEFHIL, Z
NEFLHOEFIZEBAAL Z L CTHHEDORERED BN HEF 2EKT 5. /7, AJEEREIZEL 22
DARY SVEEE R TRTEEICT 5720, 7— XILIRIC & 0 ERIFREISHIE L 7220 AT MVREE
EHERLU, ZNo2FHIZHWSZ L THrEOHIMHRIZ DNN (Z#DiA L, SEERIGHE Tk, RRFEE
LU T o BB HIHA TE T WA Z & 2R L /2.

F—O— R TRANEHEGH, WP S G, BIEHIE, R®EEE, 7T Xk

Emotion manipulation for unit-selection-based speech synthesis

deep neural network

Abstract: This paper describes a novel emotion manipulation method for unit-selection-based speech syn-
thesis (USS) using a deep neural network. Our conventional unit-selection-based emotional speech synthesis
(USES) includes two weaknesses; 1) it is poor at mixed emotional expressions because it is difficult to gen-
erate interpolated units, and 2) variations of emotional voice quality are discontinuous because emotional
unit set are changed based on input emotion intensities. To solve these problems, the proposed method
predicts spectral differentials between emotional and neutral speech from input emotional intensities and
neutral spectral features using the deep neural network (DNN). Then the emotional units are generated by
convolution of neutral ones with predicted spectral differentials. Moreover, in order to generate spectral
differentials corresponding with input emotional intensities, we introduce data augmentation technique to
training of DNNs. Experimental results show that the proposed method achieves smooth manipulations of
emotional intensities compared with the conventional USES.

Keywords: Text-to-speech, unit-selection-based emotional speech synthesis, emotion manipulation, deep
learning, data augmentation.
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